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• Like missing data, but we know a bit more about 
the true value.

• Limits of Detection/Quantification (LoD/LoQ)
• Binning/discretizing/rounding/etc. a continuous 

measurement



E.g., HAI titer data for flu research

Continuous
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Floored titer
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• Coding censored data as a constant will bias 
analyses! (E.g. setting HAI titer to 5.)

• Dealing with censored outcomes is (usually) not so 
bad. There are methods and implementations!

• Frequentist: “tobit” model, survival models in R
• Bayesian: brms R package makes it easy

• Censored predictors are harder.



Problem: reading stats papers 
and package documentation is 
hard/annoying.
(Even for mathematicians/statisticians!)



(Partial) Solution: we’re writing a 
series of tutorials with examples.
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Explanation + code examples!
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Conclusions and future work

• Our tutorials for censored data analysis are 
available free and online.

• They’re still under construction though!
• Models for censored outcomes are more 

straightforward, but we’re still experimenting with 
the best methods for censored predictors.



Thank you!
https://tinyurl.com/hg-cens

https://tinyurl.com/hg-cens

	Modeling Censored Immunological Data
	Acknowledgements
	Slide Number 3
	Censored data
	Censored data
	Censored data
	Censored data
	E.g., HAI titer data for flu research
	Censored data and statistics
	Censored data and statistics
	Censored data and statistics
	Censored data and statistics
	Problem: reading stats papers and package documentation is hard/annoying.
	(Partial) Solution: we’re writing a series of tutorials with examples.
	https://tinyurl.com/hg-cens
	https://tinyurl.com/hg-cens
	https://tinyurl.com/hg-cens
	Conclusions and future work
	Conclusions and future work
	Conclusions and future work
	Thank you!�https://tinyurl.com/hg-cens

